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Research progress of machine learning prediction model for unintentional
vascular events in acute coronary syndrome”
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[Abstract] The adverse cardiovascular events in patients with acute coronary syndrome can seriously af-
fect the prognosis. In recent years,the development of artificial intelligence and big data in the medical fields
has provided new ideas for the risk prediction of such people. At present,a variety of machine learning predic-
tion models have been used to predict various adverse cardiovascular events in patients with acute coronary
syndrome. This article reviewed the research and application status of these machine learning prediction mod-
els,and reviewed the model construction methods,data sources and characteristics, model validation and risk
factors,so as to provide references for patient risk assessment,early prevention and prognosis assessment.
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